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Abstract
Background Fibroblast growth factors (FGFs) are cell signaling proteins that perform multiple biological processes 
in many biological processes (cell development, repair, and metabolism). The dynamics of tumor cells, such as 
angiogenesis, transformation, and proliferation, have a significant impact on neoplasia and are modulated by FGFs. 
FGFs’ expression and prognostic significance in ovarian cancer (OC), however, remain unclear.

Methods Through a series of in silico analysis, we investigated the transcriptional, survival data, genetic variation, 
gene-gene interaction network, ferroptosis-related genes, and DNA methylation of FGFs in OC patients.

Results We discovered that while FGF18 expression levels were higher in OC tissues than in normal OC tissues, 
FGF2/7/10/17/22 expression levels were lower in the former, and that FGF1/19 expression was related to the tumor 
stage in OC patients. According to the survival analysis, the clinical prognosis of individuals with OC was associated 
with the aberrant expression of FGFs. The function of FGFs and their neighboring genes was mainly connected to the 
cellular response to FGF stimulus. There was a negative correlation between FGF expression and various immune cell 
infiltration.

Conclusions This study clarifies the relationship between FGFs and OC, which might provide new insights into the 
choice of prognostic biomarkers of OC patients.
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Introduction
Ovarian cancer (OC) is the leading cause of gynaecologi-
cal oncology-related deaths worldwide, with over 300,000 
new cases of OC diagnosed and 18,000 patients dying 
from their disease each year [1]. Due to late diagnosis, 
quick disease development, recurrence, and treatment 
resistance, OC mortality is high. 75% of patients are diag-
nosed with stage III or IV, and 75% of these patients die 
within 5 years [2]. In contrast, long-term survival (> 10 
years) was 80–95% in patients with stage I or II [2]. OC 
includes three main types: epithelial, stromal, and germ 
cell cancers, of which epithelial OC is the most common 
type (almost 90%) [3]. Thus, efficient early diagnostic/
prognostic indicators for OC are urgently needed.

A family of cell signaling proteins known as fibroblast 
growth factors (FGFs) perform a wide variety of biologi-
cal tasks [4, 5]. A total of 18 FGFs have been identified 
since the 1970s, when FGF1 and FGF2 were first identi-
fied [6]. Formerly known as FGF11–FGF14, although 
they share a great deal of sequence similarity with the 
FGF family, but do not activate the FGF receptor (FGFR), 
are not typically regarded as FGF family members [6, 
7]. FGFs can be categorized into 6 categories (FGF1/2, 
FGF3/7/10/22, FGF4/5/6, FGF8/17/18, FGF9/16/20, and 
FGF19/21/23) based on sequence homology and phy-
logenetic differences [6]. FGFs play a significant role in 
controlling the autocrine and paracrine actions of stro-
mal and neoplastic cells. Therefore, they might be crucial 
in several biological processes like the development of 
tumors and treatment resistance [8]. Human malignant 
tumors including OC [9], cervical cancer [10], gastric 
cancer [11, 12], breast cancer [13], liver cancer [14], lung 
cancer [15], colorectal cancer [16], and acute leukemia 
[17] all exhibit aberrant expression of FGFs.

FGFs interact with FGFRs, which are made up of four 
transmembrane receptors: FGFR1-4, to initiate signal-
ing [7]. A FGFR consists of a single-pass transmembrane 
domain, a cytoplasmic tyrosine-kinase domain, and three 
extracellular immunoglobulin-like domains (D1–D3) [7]. 
The presence of an acidic, serine-rich segment known as 
the “acid box” in the linker between D1 and D2 is a distin-
guishing feature of FGFRs. The D1 domain and the acid 
box are thought to have a role in receptor autoinhibition, 
whereas the D2-D3 portion of the FGFR ectodomain is 
essential and sufficient for ligand binding and specificity 
[6]. The D1 domain and/or acid box are removed from 
FGFR1-FGFR3 to create FGFR1-3, also known as IIIb and 
IIIc. FGFR IIIb is expressed by epithelial cells while FGFR 
IIIc is often expressed by mesenchymal cells. Since the 
FGFR4 gene is not subject to alternative splicing, it lacks 
isoforms [18].

Numerous cancer types, skeletal system anomalies, 
developmental disorders, chondrodysplasia, corneal 
neovascularization, and X-linked hypophosphatemic 

rickets are among the diseases that are influenced by dys-
regulated FGF signaling [19]. In addition, some evidence 
suggests that mutations in the somatic FGFR gene or 
overexpression of ligands or receptors can lead to vari-
ous malignancies due to abnormal FGF activity [20, 21]. 
Increased expression of FGF3 DNA amplification was 
observed in OC in a study by Rosen A et al. [9], and fur-
ther research raised the possibility that elevated FGF3 
expression might be linked to a malignant phenotype 
[1]. Lingling Hu et al. [22] found that the FGF19-FGFR4 
signaling pathway can encourage the spread and inva-
sion of OC through the AKT-MAPK signaling pathway. 
In patients with OC indicative of advanced illness, Teben 
PJ et al. [23] discovered higher FGF23 concentrations. 
By suppressing FGFR2 and FGFR1, Claire Cole et al. [1] 
showed that cisplatin sensitivity in OC can be enhanced.

However, various FGFs have different biological activi-
ties in OC, and their expression levels, genetic varia-
tion, molecular mechanisms, prognostic value, and 
relationships with prognosis and immunological infil-
tration in OC patients have not yet been thoroughly 
explained. Using multiple large-scale bioinformatics 
databases, an extensive and thorough bioinformatic 
investigation of the expression of FGFs in OC was carried 
out in this study.

Materials and methods
Transcriptomic analysis
The Cancer Genome Atlas (TCGA) RNA-Seq expression 
data was used to assess tumor samples and normal sam-
ples by Gene Expression Profiling Interactive Analysis 
(GEPIA, www.gepia.cancer-pku.cn). Differential expres-
sion analysis, cancer type staging, cancer pathology 
staging, correlation analysis, related gene detection, and 
dimensionality reduction analysis are the functions that 
GEPIA can provide [24].

Proteomics analysis
Transcriptomics, antibody-based immunofluorescence 
microscopy, and mass spectrometry validation were 
combined to create the Human Protein Atlas (HPA, 
www.proteinatlas.org) [25]. We used it to compare the 
expression of FGFs in OC tissues and normal tissues.

DNA methylation analysis
MEXPRESS (https://mexpress.be/) integrates and dis-
plays clinical data from TCGA as well as data on DNA 
methylation [26]. We examined the pathways of dysregu-
lated DNA methylation in FGFs using MEXPRESS.

Survival analysis
The Kaplan-Meier Plotter (www.kmplot.com) is a data-
base of survival data for clinical cancer patients [27]. We 
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used it to examine OS and RFS in OC patients. P-values 
lower than 0.05 were regarded as statistically significant.

Gene-gene interaction analysis
GeneMANIA (www.genemania.org) [28] can be used to 
query and generate a list of genes that are functionally 
comparable to target genes. We use it to create a network 
of gene-gene interactions for FGF in this study.

Protein-protein interaction analysis
All publicly accessible protein-protein interaction (PPI) 
data sources are gathered, scored, and integrated by 
STRINGS (www.string-db.org), which also adds compu-
tation and prediction to the mix [29]. To examine their 
interactions, we used STRINGS to conduct a PPI net-
work analysis of FGFs.

Genetic variation analysis
The cBioPortal (www.cbioportal.org) provides analysis, 
and download of large-scale cancer genomics data sets 
[30]. Using cBioPortal, we further examined the expres-
sion of FGFs in the ovarian serous cystadenocarcinoma 
dataset from the TCGA database.

Enrichment Analysis
Metascape (https://metascape.or) is a bioinformatics 
database for enrichment analysis [31]. We performed 
functional annotation and pathway enrichment analyses 
of FGFs and neighboring genes that were significantly 
related to FGFs using Metascape. A database of biological 
pathway models can be found at WikiPathways (https://
www.wikipathways.org) [32]. WikiPathways provides 
data on all the genes involved in the ferroptosis pathway.

Immune infiltrates analysis
TIMER (www.cistrome.shinyapps.io) was utilized to 
estimate the clinical significance of tumor-infiltrating 
immune cells and infer their abundance [33]. In this 
investigation, TIMER was employed to assess the rela-
tionship between the level of FGFs expression and 
immune cell infiltration as well as the relationship 
between the FGFs gene and genes related to ferroptosis 
(FRGs).

Pathway activity analysis
GSCA (http://bioinfo.life.hust.edu.cn/web/GSCA/) is 
a web server that conforms to multi-omics data based 
on the TCGA database [34]. The association between 
the FGFs gene pathway activity groups and FGFs gene 
expression profile data in OC was examined using GSCA.

Statistical analysis
Statistical analyses were conducted through R software 
(version 4.1.2). t-test was utilized to detect differences 

between groups. Differences in survival between high-
expression and low-expression groups of OC patients 
were represented in Kaplan-Meier curves. Spearman and 
Pearson correlation analysis was conducted to calculate 
correlation coefficients. The threshold for statistical sig-
nificance was set at P < 0.05.

Results
Relationship between FGFs transcript levels and 
clinicopathological parameters in OC patients
We compared the levels of FGF transcripts in OC and 
normal samples using the GEPIA dataset (Fig.  1). Stud-
ies have revealed that OC tissue had lower levels of 
FGF2/7/10/17/20/22 transcription than normal ovar-
ian tissue, and that OC tissue had higher levels of 
FGF1/3/8/18/19/21/23 expression than normal ovarian 
tissue. We also investigated the association between OC 
patient tumor stages and FGFs mRNA expression levels. 
The tumor stage was substantially correlated with the 
FGF1 and FGF19 groups (P < 0.05), but not significantly 
different with the other groups (Fig. 2).

To further determine the protein expression of FGFs 
in OC, we used data from HPA to perform the analysis. 
We discovered that OC tissues exhibited significantly ele-
vated levels of FGF2/7/9/10/17/19 proteins in compari-
son to the normal tissues (Fig. 3).

Relationship analysis between DNA methylation and 
expression of FGFs
We investigate the potential association between the 
DNA methylation of FGFs and the etiology of OC using 
the MEXPRESS (Fig. 4). We discovered that the expres-
sion of FGF1, FGF2, FGF3, FGF4, FGF18, FGF19, FGF20, 
and FGF21 was significantly positively correlated with 
the methylation levels of cg08816023, cg17214107, 
cg17277529, cg19831575, cg15699524, cg15774153, 
cg24030449, and cg13881341, respectively (P < 0.05); and 
the expression of FGF7, FGF16, and FGF19 was signifi-
cantly negatively correlated with the methylation levels of 
cg23504246, cg02096520, and cg26096837, respectively 
(P < 0.05).

The prognostic value of FGFs in OC patients
We used Kaplan-Meier plotter analysis to determine 
the connection between FGFs at various transcrip-
tion levels and clinical outcomes to assess the value 
of FGFs at various transcription levels in the progres-
sion of OC. The value of FGFs at various transcrip-
tion levels in overall survival (OS) of OC patients was 
assessed (Fig.  5). According to the studies, prolonged 
OS was significantly linked with OC patients who had 
low mRNA expression of FGF1/7/9/18 and high mRNA 
expression of FGF5/8/16/20/21/22/23. Figure  6 depicts 
the recurrence-free survival (RFS) curve. Longer RFS 

http://www.genemania.org
http://www.string-db.org
http://www.cbioportal.org
https://metascape.or
https://www.wikipathways.org
https://www.wikipathways.org
http://www.cistrome.shinyapps.io
http://bioinfo.life.hust.edu.cn/web/GSCA/


Page 4 of 14Wang et al. Journal of Ovarian Research          (2024) 17:197 

was significantly linked with OC patients who had low 
transcription of FGF1/10/19 and high transcription of 
FGF3/6/8/16/17/21/23.

Genetic Alteration, co-expression, neighbor gene network, 
and interaction analyses of FGFs in OC patients
We examined genetic variation rate of FGFs in OC using 
the online application cBioPortal. 125 samples (40.19%) 
of the 311 OC patients exhibited altered FGFs (Figure 
S1A). The TCGA dataset shows that among FGFs, FGF23 
had the highest genetic variation rate (11%) while FGF8 
had the lowest mutation rate (0.8%). (Figure S1B). The co-
expression connection between FGF6 and FGF23, FGF4 
and FGF19, FGF3 and FGF4, FGF3 and FGF19, FGF17 
and FGF20, FGF1 and FGF18 were significant(P < 0.05). 
FGF5 and FGF17, FGF5 and FGF22, FGF5 and FGF7 
were mutually exclusive (P < 0.05), according to the mutu-
ally exclusive evaluation of FGFs genes in the TCGA OC 
cohort (Figure S1C).

The GeneMANIA database was used to design a GGI 
network of FGFs and investigate those FGFs’ func-
tions (Figure S1D). There are 20 nodes surrounding 
the FGFs, which reflect genes that are connected to the 

FGFs through shared protein domains, physical interac-
tions, co-localization, co-expression, prediction, genetic 
relationships, and pathways. These genes demonstrated 
the strongest connection with cellular responses to FGF 
stimulation, according to further functional analysis 
(FDR = 9.47E-49). KL and FRS3 interact physically and 
pathway relationship with FGFs, with the exception of 
FGF21.

To investigate possible interactions between FGFs, we 
used STRING to conduct a PPI network analysis of the 
FGFs. FGFs proteins and 20 proteins that are very close 
to FGFs are present in the PPI network graph (Figure 
S2A). We performed functional annotation and pathway 
enrichment analysis on FGFs and the genes nearby using 
Metascape. Biological processes (6 entries), responseome 
gene sets (3 items), and wikipathway (3 things) made up 
the majority of the top 12 enrichments (Figure S2B, C, 
and Table 1). The occurrence and development of tumors 
were associated with a number of factors, including acti-
vating point mutations of FGFR2, the FGFR signaling 
pathway, FGFR2c ligand binding and activation, PI3K-
Akt signaling pathway, FGFR2b ligand binding, and the 

Fig. 1 The expression of FGFs in OC via GEPIA database. (A) scatter diagram. Red dots represent ovarian tumors and green dots represent normal tissue. 
(B) box plot. Red box plots represent ovarian tumors and blue dots represent normal tissue.The stars indicate statistical significance
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positive regulation of ERK1 and ERK2 cascades, which 
were also involved in the tumorigenesis of OC.

Correlation analysis between FGF gene and FRGs
We used the cytoscape program to visualize the corre-
lation analysis between the FGFs gene and the FRGs to 
investigate the underlying processes of the ferroptosis 
signals in OC. The co-expressed gene network (Figure 
S3A) revealed a relationship between GPX4, FTH1, and 
HMOX1 and FGF2/3/8/17/18/19/23. The gene most 

associated with GPX4, FTH1, and HMOX1 was FGF2 
(Figure S3C).

The relationship between FGFs expression levels and 
Immune infiltration levels in OC
Using TIMER, the association between FGFs transcript 
levels and immune infiltration levels in OC was evalu-
ated (Fig.  7). FGF2/7/20 expressions were negatively 
correlated with the infiltration of B cells (Fig. 7B, G, O). 
FGF3/4/21/22 expressions were negatively correlated 

Fig. 3 Immunohistochemical analysis of FGFs expressions in OC samples. T: ovarian tumor tissue. N: normal tissue. Bar = 100 μm

 

Fig. 2 Correlation between the expression of FGFs and tumor stage in OC via GEPIA database. Each subfigure represents the expression of FGFs in differ-
ent Pathological Stage. Pr(> F): p-value of the F-test
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with the infiltration of macrophage, neutrophil, and 
dendritic cells (Fig. 7C, D, P, Q), of which FGF3 expres-
sions was also negatively correlated with the infiltration 
of CD8+ T cells. FGF5/6 expressions were negatively 
correlated with the infiltration of macrophage, of which 
FGF6 expressions was also positively correlated with the 
infiltration of CD4+ T cells(Fig. 7E, F). FGF8/9/17/18/19 
expressions were negatively correlated with the infiltra-
tion of B cells, CD8 + T cells, neutrophils, and dendritic 
cells, of which FGF8/17/18/19 expressions were also 
negatively correlated with the infiltration of macrophages 
(Fig. 7H, I, L, M, N).

Additionally, we use the TIMER to automatically 
output Cox regression findings and proofread B cells, 
CD8 + T cells, CD4 + T cells, macrophages, neutrophils, 
and FGF covariate factors. These investigations show a 
substantial correlation between the clinical outcomes 
of OC patients and the infiltration of CD4 + T cells 

(P = 0.010), neutrophils (P = 0.038), and FGF23 (P = 0.001). 
(Table 2).

Pathway activity analysis
Eight genes (FGF9/7/5/20/2/18/17/1) were significantly 
associated with OC signaling pathways, including apop-
tosis, cell cycle, DNA damage response, EMT, hormone 
AR, hormone ER, PI3K/AKT, RAS/MAPK, and RTK 
pathways, according to the related pathways network 
(Figure S4). FGF9, FGF7, FGF2, and FGF1 were mostly 
involved in the inhibition of apoptosis (21% inhibition vs. 
4% activation), cell cycle (31% inhibition vs. 0% activa-
tion), cell cycle (37% inhibition vs. 0% activation), damage 
response (31% inhibition vs. 4% activation), respectively. 
However, the major activation pathways of FGF7 (38% 
activation vs. 3% inhibition), FGF5 (32% activation vs. 0% 
inhibition), FGF2 (41% activation vs. 3% inhibition), and 
FGF1 (25% activation vs. 3% inhibition) were all EMT. 

Fig. 4 Association between FGFs DNA methylation and the expression of (A) FGF1, (B) FGF2, (C) FGF3, (D) FGF4, (E) FGF5, (F) FGF6, (G) FGF7, (H) FGF8, 
(I) FGF9, (J) FGF10, (K) FGF16, (L) FGF17, (M) FGF18, (N) FGF19, (O) FGF20, (P) FGF21, (Q) FGF22, (R) FGF23. clinical stage simplified: stage1-pale yellow, 
stage2-flesh colored, stage3-pale purplish red, stage4-purplish red, null-pale gray. lymphatic invasion: purple-no, light blue-yes, null-pale gray. histological 
type: purple-serous cystadenocarcinoma, null-pale gray. new tumor event after initial treatment: purple-no, light blue-yes, null-pale gray. venous invasion: 
purple-no, light blue-yes, null-pale gray. sample type: purple-primary tumor, green-recurrent tumor, light blue-solid tissue normal(Refer to the legend 
with the illustration in the bottom right corner of Fig. 4)
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Fig. 6 Prognostic value of the transcript level of FGFs in OC patients in RFS curves. Cutoff value separate the samples into two groups(high expression 
group and low expression group). OC: ovarian cancer. RFS: recurrence-free survival. HR: hazard ratio. Survival time unit: months

 

Fig. 5 Prognostic value of the transcript level of FGFs in OC patients in OS curves. Cutoff value separate the samples into two groups(high expression 
group and low expression group). OC: ovarian cancer. OS: overall survival. HR: hazard ratio. Survival time unit: months
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These findings imply that FGFs are crucial regulators of 
the OC pathway.

Discussion
In contrast to the apparent correlation between FGFs 
dysregulation and the development and spread of numer-
ous cancers [19, 21, 35], the expression and functional 

significance of different FGFs in OC are yet unknown. 
This study is the first to use bioinformatics analysis to 
examine the transcriptional level, genetic variation, 
molecular mechanism, biological function, association 
with prognosis, and immune infiltration in OC patients.

All FGFRs can be activated by FGF1 [1], which acti-
vates a variety of cellular responses to be triggered and 

Table 1 The function enrichment analysis of FGFs and neighbor genes in OV (Metascape)
GO Category Description Count % Log10(P) Log10(q)
R- HSA−2,033,519 Reactome Gene Sets Activated point mutants of FGFR2 16 88.89 −54.94 −50.60
GO:0008543 GO Biological Processes fibroblast growth factor receptor signaling pathway 18 100.00 −51.77 −48.02
R-HSA−190,375 Reactome Gene Sets FGFR2c ligand binding and activation 12 66.67 −39.70 −36.91
WP4172 WikiPathways PI3K-Akt signaling pathway 17 94.44 −31.94 −29.47
WP3932 WikiPathways Focal adhesion: PI3K-Akt-mTOR-signaling pathway 16 88.89 −29.83 −27.42
WP4787 WikiPathways Osteoblast differentiation and related diseases 11 61.11 −22.12 −19.75
R-HSA−190,377 Reactome Gene Sets FGFR2b ligand binding and activation 6 33.33 −17.43 −15.08
GO:0070374 GO Biological Processes positive regulation of ERK1 and ERK2 cascade 10 55.56 −16.83 −14.47
GO:0051216 GO Biological Processes cartilage development 5 27.78 −7.54 −5.30
GO:0060445 GO Biological Processes branching involved in salivary gland morphogenesis 3 16.67 −7.00 −4.80
GO:0046620 GO Biological Processes regulation of organ growth 4 22.22 −6.46 −4.28
GO:1,901,215 GO Biological Processes negative regulation of neuron death 3 16.67 −3.61 −1.61

Fig. 7 The correlation between timmune infiltration level and the expression of (A) FGF1, (B) FGF2, (C) FGF3, (D) FGF4, (E) FGF5, (F) FGF6, (G) FGF7, (H) 
FGF8, (I) FGF9, (J) FGF10, (K) FGF16, (L) FGF17, (M) FGF18, (N) FGF19, (O) FGF20, (P) FGF21, (Q) FGF22, (R) FGF23 in OC. The gene expression levels against 
tumor purity are displayed on the left-most panel. The six subfigures on the right side of the tumor purity correlation plot show the specific relationship 
between specific immune cells and gene expression. The scatter plots display partially Spearman’s rho values and statistical significance after purity 
correction
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functions intracellularly to provide anti-apoptotic pro-
tection and encourage cell survival [36]. Amplification 
of FGF1 in OC tissues increases angiogenesis, stimulates 
cancer cells in an autocrine manner, and has an oncogenic 
effect, according to a study by Birrer et al. [37]. FGF1 is 
also important for prognosis in advanced serous OC [37]. 
The TCGA dataset used in this investigation showed that 
FGF1 expression in OC tissues was higher than in nor-
mal tissues, but not statistically significant. It’s interesting 
to note that the expression of FGF1 in patients with OC 
was related to the stage of the tumor. In OC patients who 
were followed up for 200 months, Kaplan-Meier plotter 
analysis showed that high FGF1 transcription level was 
linked with poor RFS and OS, which looked compatible 
with the role of FGF1 as a tumor suppressor. In previous 
studies, FGF-1/FGFR4 signaling activates the MAPK sig-
naling pathway and is involved in ovarian tumorigenesis 
[38]. In our study, the FGF-1 mRNA levels in ovarian 
tumor tissues were significantly increased compared with 
those in paired normal tissues, but these differences did 
not achieve statistical significance. It is important to note 
that the association between FGF1 mRNA expression 
and tumor stage was statistically significant. The higher 
stage expressed the higher levels of FGF1. Furthermore, 
our study demonstrated that higher FGF1 mRNA levels 
was correlated with poor prognosis of patients with OC, 
in both OS and RFS. These observations are in agreement 

with the prior conclusion that FGF1 is a major prognostic 
factor in ovarian tumorigenesis.

Among the FGFs, FGF2 is the most widely studied 
in OC [23]. FGF2 has strong angiogenic activity and 
is thought to be a proponent of tumor angiogenesis, it 
exerts its biological effects through contact with FGFR1 
[39]. Several OC cell lines exhibit FGFRs, and in vitro 
studies have shown that FGF2 promotes their prolif-
eration [23]. FGF2 has also been demonstrated to make 
some OC cells more susceptible to the chemotherapy 
drug cisplatin [23]. In OC cells, FGF2 cytoplasmic con-
centrations greater than 500 pg/mg were linked to better 
overall survival [40].

FGF3 is not present in healthy tissues but is expressed 
in cancerous cell lines and tumor tissues [1]. Although 
the study discovered that 20% of OC samples had an 
amplified FGF3 oncogene, it did not discover any effects 
of FGF3 copy number on OS [9]. According to the find-
ings of our investigation, the expression of FGF3 in OC 
tissues was higher than that in normal tissues (with no 
significance), and survival analysis revealed a substantial 
correlation between higher levels of FGF3 expression and 
better RFS in OC patients.

The FGF4 gene participates in a number of biological 
functions for cells, including cell differentiation, mor-
phogenesis, and proliferation [41]. The oncogenic role of 
FGF4 has been demonstrated [42, 43]. By acting on the 

Table 2 The cox proportional hazard model of FGFs and six tumor-infiltrating immune cells in OV (TIMER)
coef HR 95%CI_l 95%CI_u P-value sig

B_cell 8.197 3629.954 0.157 8.41E + 07 0.110
CD8_Tcell −4.302 0.014 0.000 4.03E + 00 0.139
CD4_Tcell −14.472 0.000 0.000 3.20E−02 0.010 *
Macrophage 5.070 159.199 0.017 1.52E + 06 0. 278
Neutrophil 14.332 1676061.116 2.224 1.26E + 12 0.038 *
Dendritic −2.441 0.087 0.000 1.16E + 02 0.506
FGF1 −0.052 0.950 0.707 1.28E + 00 0.731
FGF2 0.102 1.107 0.775 1.58E + 00 0.576
FGF3 −0.071 0.931 0.749 1.16E + 00 0.520
FGF4 0.456 1.578 0.893 2.79E + 00 0.116
FGF5 −0.567 0.567 0.103 3.12E + 00 0.514
FGF6 2.988 19.839 0.000 1.32E + 08 0.709
FGF7 0.247 1.280 0.983 1.67E + 00 0.067
FGF8 −0.068 0.934 0.662 1.32E + 00 0.698
FGF9 0.162 1.175 0.980 1.41E + 00 0.082
FGF10 0.090 1.094 0.663 1.81E + 00 0.724
FGF16 0.145 1.156 0.846 1.58E + 00 0.362
FGF17 −0.010 0.990 0.860 1.14E + 00 0.891
FGF18 −0.015 0.986 0.861 1.13E + 00 0.832
FGF19 0.132 1.142 0.964 1.35E + 00 0.125
FGF20 −0.065 0.937 0.651 1.35E + 00 0.727
FGF21 −0.194 0.824 0.534 1.27E + 00 0.380
FGF22 0.153 1.165 0.780 1.74E + 00 0.456
FGF23 1.526 4.601 1.822 1.16E + 01 0.001 *
*P < 0.05
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FGFR2 receptor, it promotes stem cell-like characteristics 
and carcinogenesis in OC [42]. Yang et al.revealed that 
although previous reports indicated significant amplifica-
tion of the FGFR2 gene in gastric cancer, survival analysis 
in the GEPIA database revealed no significant difference 
between the group with mutations in the FGFR2 gene 
and the group without mutations [12]. Furthermore, 
Yang et al. also showed that FGF401(an FGFR4 inhibitor) 
could prevent the proliferation of FGFR4 overexpression 
in the gastric cancer mouse xenograft model. Although 
clinical studies of the FGFR family primarily focus on 
inhibiting FGFR2 in gastric cancer, it seems that FGFR4 
may be another potential option for targeted therapy in 
the future [12]. Little is currently understood regarding 
FGF5’s expression and function in OC. FGF5 is often 
overexpressed in embryonic tissues but is seldom over-
expressed in adult tissues [44]. Overexpression of FGF5 
in adult tissues has been linked to several cancers, includ-
ing prostate, pancreatic, breast, and renal cell carcinomas 
[45]. In our study, Patients with OC who expressed more 
FGF5 had better OS.

FGF6 is normally expressed in skeletal muscle, but this 
protein was not found in normal breast or prostate tissue, 
whereas FGF6 is expressed in some breast cancers [46] 
and prostate cancers [47]. It is still unknown what func-
tion FGF6 expression plays in OC. Notably, patients with 
OC who have higher FGF6 expression had better RFS.

Several malignancies, including cervical cancer [10], 
gastric cancer [11], and breast cancer [13], are shown 
to have high levels of FGF7 expression. However, the 
expression of FGF7 in OC has yet to be investigated. In 
our study, we discovered that OC tissues had lower levels 
of FGF7 expression than normal tissues. In patients with 
OC, lower FGF7 expression is associated with better OS.

Several tumor types, including OC, prostate cancer, 
breast cancer, hepatocellular cancer, and colorectal can-
cer, have elevated levels of FGF8 [48]. This factor acti-
vates anti-apoptotic pathways and inhibits tumor cell 
death brought on by the IIIc splice version of FGFR1-3 
and FGFR4 receptors [49]. Our investigation revealed 
that higher FGF8 transcription levels were linked to bet-
ter RFS and OS in OC patients.

As an exosome-related gene, FGF9 was initially dis-
covered in human glioma cells [50]. According to Rahul 
Bhattacharya et al.‘s research, OC tissues had higher 
levels of FGF9 expression, and FGF9-mediated OC cell 
invasion was linked to a metabolic shift of cells towards 
increased aerobic glycolysis [51]. However, the findings 
of our investigation revealed that association between 
high FGF9 transcription and worse RFS and OS in OC 
patients suggests that FGF9 has an oncogenic function in 
OC.

Prostate, breast, and pancreatic ductal adenocarcino-
mas are malignancies that are associated with FGF10 [17, 

52]. FGF10, which primarily functions through FGFR2b 
and FGFR1b [17], can promote cancer cell prolifera-
tion by increasing the G1 to S phase transition and get-
ting cells ready for synthesis and mitosis [53]. Activated 
FGFR2 activates downstream signaling pathways via 
PI3K-AKT or RAS-MAPK, which promotes cell prolif-
eration [17]. In our study, we showed that FGF10 expres-
sion was lower in OC tissues than in normal tissues. It’s 
interesting to note that higher FGF10 transcription was 
linked to lower RFS in OC patients.

Human embryonic carcinoma cells’ ability to survive 
can be increased by FGF16 [54], and OC can be accel-
erated by WNT signaling with FGF16. A higher FGF16 
transcription was associated with better RFS and OS in 
OC patients. FGF17 is a secreted growth factor [55] and 
is widely expressed in the endometrium, thyroid, brain, 
adrenal gland, and spleen [17]. Multiple malignancies, 
including prostate cancer [56], lung cancer [57], and 
acute leukemia [17], exhibit high levels of FGF17 expres-
sion. In acute leukemia, overexpression of FGF17 was 
significantly linked to a poor prognosis [17]. However, 
the prognostic role of FGF17 in OC has not been investi-
gated. We discovered that FGF17 expression was lower in 
human OC than in normal tissues. In OC patients, higher 
FGF17 expression was linked to better RFS.

Notably, of all FGFs FGF18 may be the most important 
for suggesting OC prognostic outcomes. FGF18, a mito-
genic, chemotactic, and angiogenic factor, plays a key role 
in accelerating the development of ovarian high-grade 
serous carcinoma [58, 59]. By activating NF-B and conse-
quently increasing the production of oncogenic cytokines 
and chemokines, FGF18 regulates the migration, inva-
sion, and tumorigenicity of OC cells [60]. Additionally, it 
has been suggested that FGF18 overexpression is a solo 
predictor of a poor clinical outcome in OC patients [60]. 
We discovered that whereas FGF18 expression levels in 
human OC tissues were higher than in normal tissues, 
there is no relationship between this expression in OC 
patients and the stage of the tumor. Poorer OS was linked 
to increased FGF18 transcription in OC patients, which 
seems to be consistent with FGF18 as a tumor-promoting 
factor.

FGF19 is distinguished by its role as a hormone, which 
regulates the synthesis of bile acids and influences glu-
cose and lipid metabolism [61, 62]. It’s interesting to note 
that obesity and diabetes are thought to be positively 
related to OC risk [63, 64]. Through the AKT-MAPK 
signaling pathway, Hu L et al. showed that the FGF19-
FGFR4 signaling pathway can encourage the growth and 
invasion of OC [22]. Furthermore, it is thought that OC 
patients with high FGF19 expression have a poor prog-
nosis [22]. We discovered that FGF19 expression was sig-
nificantly linked with tumor stage in OC patients and was 
higher (without significance) in normal tissues in human 
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OC. Furthermore, higher FGF19 transcription was linked 
to poorer RFS in OC patients.

The expression of FGF20 and FGF21 in OC, however, 
has not been studied. We discovered that human OC 
patients had lower levels of FGF20 expression and higher 
FGF21 expression than normal tissues. Interesting cor-
relations between high FGF20 transcription and better 
OS were found in OC patients. Better RFS and OS were 
linked to increased FGF21 transcription in OC patients, 
which tended to support the tumor suppressor function 
of FGF21.

FGF22 is linked to ovarian and skin cancer [65, 66]. In 
OC, FGF22 alters the thyroid hormone system [65], and 
mice studies imply that FGF22 may have a pro-oncogenic 
effect on the skin [66]. We discovered that FGF22 expres-
sion in human OC was lower than in normal tissues. In 
OC patients, higher FGF22 transcription was linked to 
better OS.

In comparison to women with early-stage OC or 
benign disease or in healthy women, serum or plasma 
concentrations of FGF23 were significantly higher in 
women with advanced OC [23]. The elevated serum con-
centrations of FGF23 are caused by tumor production 
and release of this protein [23]. It is interesting to note 
that higher FGF23 transcription was associated with bet-
ter RFS and OS in OC patients.

Although structurally related, FGF1, FGF18, and 
FGF19 belong to different FGF subfamilies and exhibit 
different modes of action, secretion mechanisms, and 
ultimate biological consequences. FGF1, FGF18 and 
FGF19 belong to the FGF1 subfamily (FGF1/2), the 
FGF8 subfamily (FGF8/17/18), and the FGF19 subfam-
ily (FCF19/21/23), respectively [6]. Despite these differ-
ences, FGF1, FGF18, and FGF19 show consistency as 
prognostic/predictive biomarkers of OC.

DNA methylation influences cell differentiation and is 
involved in the development of tumors [67]. Keita et al. 
[68] discovered noticeably aberrant DNA methylation 
linked to tumor aggressiveness and serous OC devel-
opment. Li et al. [69] discovered a correlation between 
platelet coagulation/parametric factor levels and the 
DNA methylation status of peripheral blood leukocytes 
in epithelial OC. Here, we found a potential link between 
OC patients’ FGF expression and FGFs methylation lev-
els. The potential contribution of FGFs DNA methylation 
to OC cancer requires more proof.

Our genetic study revealed that the differentially 
expressed FGFs in OC patients had a high mutation 
rate (40.19%), and these relationships between the dif-
ferentially expressed FGFs and the OC may be mutu-
ally exclusive or synergistic. Additionally, we built a 
GGI network comprising the FGFs and the neighboring 
genes and discovered that these genes were most asso-
ciated with the cellular response to FGF stimulation. 

Then, using enrichment analysis, we analyzed the role of 
FGFs and the proteins that surround them. Studies have 
found that the functions of FGFs are mainly related to 
the activated point mutants of FGFR2, fibroblast growth 
factor receptor signaling pathway, FGFR2c ligand bind-
ing and activation, PI3K-Akt signaling pathway, FGFR2b 
ligand binding and activation and positive regulation of 
ERK1 and ERK2 cascade. Eight FGF genes (FGF1, FGF2, 
FGF5, FGF7, FGF9, FGF17, FGF18, and FGF20) were 
found to be significantly involved in OC-related signal-
ing pathways, including apoptosis, cell cycle, DNA dam-
age response, EMT, hormone AR, hormone ER, PI3K/
AKT, RAS/MAPK, and RTK pathways, according to the 
related pathways network. These pathways play a crucial 
role in the emergence and progression of OC. Another 
important finding of this study is the strong correlation 
between the transcriptional levels of FGFs and the differ-
ent levels of immune infiltration in OC, which raises the 
possibility that FGFs play a role in the regulation of OC 
tumor immunity.

In our investigation, the mRNA expression levels of 
some FGFs in OC were positively correlated with pro-
tein expression. However, some FGFs mRNA expression 
levels were negatively correlated with protein expres-
sion. This inconsistency may be caused by the fact that 
there are multiple levels of regulation of gene expres-
sion; transcriptional regulation is only one of these levels; 
additional components include post-transcriptional reg-
ulation, translational regulation, and post-translational 
regulation, all of which contribute to the expression of 
the final protein. However, our study does have some lim-
itations. Firstly, each dataset we utilized contains inher-
ent bias. Secondly, follow-up mechanistic studies and in 
vivo and vitro experiments are necessary to validate our 
findings. Future research directions have been identi-
fied by addressing gaps in our current understanding. By 
integrating information from Cross-omics research, we 
can achieve a more comprehensive understanding of the 
complexity involved in gene expression regulation and 
identify potential post-transcriptional and post-transla-
tional regulatory mechanisms. Expanding the sample size 
and data coverage enables us to uncover hidden patterns 
and trends within large-scale data. Through functional 
research and validation, we can unravel the mechanisms 
of action in cellular and biological processes. Further-
more, by constructing and analyzing more complex net-
works and pathways, we can predict potential regulatory 
mechanisms and biological functions.

In conclusion, our study gained insight into the effect 
of FGF expression on OC prognosis and tumor immunity 
(Fig. 8). According to our findings, the enhanced expres-
sion of FGF1/18/19 in OC tissues may be crucial to the 
development of OC, and as a molecular marker, the high 
expression of FGF1/18/19 can also be used to identify 
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high-risk subgroups of OC patients. Furthermore, the 
inconsistent correlation between mRNA and protein 
expression levels of FGFs underscores the need for fur-
ther investigation into post-transcriptional and post-
translational regulatory mechanisms.

Supplementary Information
The online version contains supplementary material available at https://doi.
org/10.1186/s13048-024-01496-z.

Supplementary Material 1

Supplementary Material 2

Supplementary Material 3

Supplementary Material 4

Acknowledgements
Not applicable.

Author contributions
All authors read and approved the final version of the manuscript. Y.W., H.Z., 
and Y.Z. proposed the idea, drafted the manuscript. Z.L., S.L., and S.G. checked 
the integrity and plausibility of data analysis. S.G. revised the manuscript and 

Fig. 8 Abstract-based lines of research. Effect of FGF expression on OC prognosis and tumor immunity. FGF/FGFR binding specificity is also shown. EOC: 
epithelial ovarian cancer

 

https://doi.org/10.1186/s13048-024-01496-z
https://doi.org/10.1186/s13048-024-01496-z


Page 13 of 14Wang et al. Journal of Ovarian Research          (2024) 17:197 

was responsible for the integrity of data acquisition and statistical analyses. 
Y.W., S.G.verified the underlying data.

Funding
This work was funded by the Zhejiang Basic Public Welfare Research Program 
(LGF22H160018), the Medicine and Health Science and Technology Program 
of Zhejiang Province (2022RC077), the Supported discipline-Clinical laboratory 
diagnostics of the First Hospital of Jiaxing of Zhejiang Province of China 
(2023-ZC-002).

Data availability
All data about the patients can be found in the TCGA database. https://www.
cancer.gov/ccg/research/genome-sequencing/tcga. All data of Proteomics 
can be found in the Human Protein Atlas. https://www.proteinatlas.org/. All 
data in this study are available from the corresponding author.

Declarations

Ethics approval and consent to participate
This article does not include any studies conducted by any of the authors on 
human participants.

Consent for publication
Not applicable.

Competing interests
The authors confirm that there are no known conflicts of interest associated 
with this publication.

Received: 5 June 2024 / Accepted: 14 August 2024

References
1. Ding J, Zhang Y, Che Y. Ovarian cancer stem cells: critical roles in anti-tumor 

immunity. Front Genet. 2022;13:998220.
2. Rajtak A, Ostrowska-Leśko M, Żak K, Tarkowski R, Kotarski J, Okła K. Integration 

of local and systemic immunity in ovarian cancer: implications for immuno-
therapy. Front Immunol. 2022;13:1018256.

3. Qiu Y, Chen Y, Agbede O, Eshaghi E, Peng C. Circular RNAs in epithelial ovarian 
Cancer: from biomarkers to therapeutic targets. Cancers. 2022;14(22):5711.

4. Kharitonenkov A, Adams AC. Inventing new medicines: the FGF21 story. Mol 
Metabolism. 2013;3(3):221–9.

5. Ardizzone A, Scuderi SA, Giuffrida D, Colarossi C, Puglisi C, Campolo M, Cuz-
zocrea S, Esposito E, Paterniti I. Role of fibroblast growth factors receptors 
(FGFRs) in brain tumors, Focus on Astrocytoma and Glioblastoma. Cancers. 
2020;12(12):3825.

6. Beenken A, Mohammadi M. The FGF family: biology, pathophysiology and 
therapy. Nat Rev Drug Discov. 2009;8(3):235–53.

7. Farooq M, Khan AW, Kim MS, Choi S. The role of fibroblast growth factor (FGF) 
signaling in tissue repair and regeneration. Cells. 2021;10(11):3242.

8. Presta M, Chiodelli P, Giacomini A, Rusnati M, Ronca R. Fibroblast growth 
factors (FGFs) in cancer: FGF traps as a new therapeutic approach. Pharmacol 
Ther. 2017;179:171–87.

9. Rosen A, Sevelda P, Klein M, Dobianer K, Hruza C, Czerwenka K, Hanak H, 
Vavra N, Salzer H, Leodolter S. First experience with FGF-3 (INT-2) amplifica-
tion in women with epithelial ovarian cancer. Br J Cancer. 1993;67(5):1122–5.

10. Shang A, Zhou C, Bian G, Chen W, Lu W, Wang W, Li D. Mir-381-3p restrains 
cervical cancer progression by downregulating FGF7. J Cell Biochem. 
2019;120(1):778–89.

11. Shaoul R, Eliahu L, Sher I, Hamlet Y, Miselevich I, Goldshmidt O, Ron D. 
Elevated expression of FGF7 protein is common in human gastric diseases. 
Biochem Biophys Res Commun. 2006;350(4):825–33.

12. Yang C, Song D, Zhao F, et al. Comprehensive analysis of the prognostic value 
and immune infiltration of FGFR family members in gastric cancer. Front 
Oncol. 2022;12:936952. https://doi.org/10.3389/fonc.2022.936952.

13. Jacquemier J, Sun ZZ, Penault-Llorca F, Geneix J, Devilard E, Adélaïde J, 
Birnbaum D. FGF7 protein expression in human breast carcinomas. J Pathol. 
1998;186(3):269–74.

14. Xu FF, Xie WF, Zha GQ, Chen HW, Deng L. MiR-520f promotes cell aggressive-
ness by regulating fibroblast growth factor 16 in hepatocellular carcinoma. 
Oncotarget. 2017;8(65):109546–58.

15. He W, Liu X, Luo Z, Li L, Fang X. FGF16 regulated by miR-520b enhances 
the cell proliferation of lung cancer. Open Med (Warsaw Poland). 
2021;16(1):419–27.

16. Shimokawa T, Furukawa Y, Sakai M, Li M, Miwa N, Lin YM, Nakamura Y. 
Involvement of the FGF18 gene in colorectal carcinogenesis, as a novel 
downstream target of the beta-catenin/T-cell factor complex. Cancer Res. 
2003;63(19):6116–20.

17. Ling Y, Du Q. FGF10/FGF17 as prognostic and drug response markers in acute 
myeloid leukemia. Curr Res Translational Med. 2022;70(1):103316.

18. Itoh N, Ornitz DM. Fibroblast growth factors: from molecular evolu-
tion to roles in development, metabolism and disease. J BioChem. 
2011;149(2):121–30.

19. Katoh M. Therapeutics targeting FGF Signaling Network in Human diseases. 
Trends Pharmacol Sci. 2016;37(12):1081–96.

20. Bai YP, Shang K, Chen H, Ding F, Wang Z, Liang C, Xu Y, Sun MH, Li YY. 
FGF-1/-3/FGFR4 signaling in cancer-associated fibroblasts promotes 
tumor progression in colon cancer through Erk and MMP-7. Cancer Sci. 
2015;106(10):1278–87.

21. Tovar V, Cornella H, Moeini A, Vidal S, Hoshida Y, Sia D, Peix J, Cabellos L, 
Alsinet C, Torrecilla S, et al. Tumour initiating cells and IGF/FGF signal-
ling contribute to sorafenib resistance in hepatocellular carcinoma. Gut. 
2017;66(3):530–40.

22. Hu L, Cong L. Fibroblast growth factor 19 is correlated with an unfavor-
able prognosis and promotes progression by activating fibroblast growth 
factor receptor 4 in advanced-stage serous ovarian cancer. Oncol Rep. 
2015;34(5):2683–91.

23. Tebben PJ, Kalli KR, Cliby WA, Hartmann LC, Grande JP, Singh RJ, Kumar R. 
(2005). Elevated fibroblast growth factor 23 in women with malignant ovar-
ian tumors. Mayo Clinic proceedings, 80(6), 745–751.

24. Tang Z, Li C, Kang B, Gao G, Li C, Zhang Z. GEPIA: a web server for cancer and 
normal gene expression profiling and interactive analyses. Nucleic Acids Res. 
2017;45(W1):W98–102.

25. Thul PJ, Åkesson L, Wiking M, Mahdessian D, Geladaki A, Blal A, Alm H, 
Asplund T, Björk A, Breckels L, L. M., et al. A subcellular map of the human 
proteome. Volume 356. Science; 2017. p. eaal3321. (New York, N.Y.). 6340.

26. Koch A, Jeschke J, Van Criekinge W, van Engeland M, De Meyer T. MEXPRESS 
update 2019. Nucleic Acids Res. 2019;47(W1):W561–5.

27. Győrffy B. Survival analysis across the entire transcriptome identifies biomark-
ers with the highest prognostic power in breast cancer. Comput Struct 
Biotechnol J. 2021;19:4101–9.

28. Warde-Farley D, Donaldson SL, Comes O, Zuberi K, Badrawi R, Chao P, Franz 
M, Grouios C, Kazi F, Lopes CT et al. (2010). The GeneMANIA prediction server: 
biological network integration for gene prioritization and predicting gene 
function. Nucleic Acids Res, 38(Web Server issue), W214–20.

29. Szklarczyk D, Gable AL, Lyon D, Junge A, Wyder S, Huerta-Cepas J, Simonovic 
M, Doncheva NT, Morris JH, Bork P, et al. STRING v11: protein-protein 
association networks with increased coverage, supporting functional 
discovery in genome-wide experimental datasets. Nucleic Acids Res. 
2019;47(D1):D607–13.

30. Cerami E, Gao J, Dogrusoz U, Gross BE, Sumer SO, Aksoy BA, Jacobsen A, 
Byrne CJ, Heuer ML, Larsson E et al. (2012). The cBio cancer genomics portal: 
an open platform for exploring multidimensional cancer genomics data.
Cancer discovery,2(5), 401–404.

31. Zhou Y, Zhou B, Pache L, Chang M, Khodabakhshi AH, Tanaseichuk O, Benner 
C, Chanda SK. Metascape provides a biologist-oriented resource for the 
analysis of systems-level datasets. Nat Commun. 2019;10(1):1523.

32. Martens M, Ammar A, Riutta A, Waagmeester A, Slenter DN, Hanspers K, Miller 
A, Digles R, Lopes D, Ehrhart EN, F., et al. WikiPathways: connecting communi-
ties. Nucleic Acids Res. 2021;49(D1):D613–21.

33. Li T, Fan J, Wang B, Traugh N, Chen Q, Liu JS, Li B, Liu XS. TIMER: a web server 
for Comprehensive Analysis of Tumor-infiltrating Immune cells. Cancer Res. 
2017;77(21):e108–10.

34. Liu CJ, Hu FF, Xia MX, Han L, Zhang Q, Guo AY. GSCALite: a web server for 
gene set cancer analysis. Bioinf (Oxford England). 2018;34(21):3771–2.

35. Sonpavde G, Willey CD, Sudarshan S. Fibroblast growth factor receptors as 
therapeutic targets in clear-cell renal cell carcinoma. Expert Opin Investig 
Drugs. 2014;23(3):305–15.

https://doi.org/10.3389/fonc.2022.936952


Page 14 of 14Wang et al. Journal of Ovarian Research          (2024) 17:197 

36. Lampart A, Sluzalska KD, Czyrek A, Szerszen A, Otlewski J, Wiedlocha A, 
Zakrzewska M. Nuclear localization sequence of FGF1 is not required for its 
intracellular anti-apoptotic activity in differentiated cells. Cells. 2022;11(3):522.

37. Birrer MJ, Johnson ME, Hao K, Wong KK, Park DC, Bell A, Welch WR, Berkowitz 
RS, Mok SC. Whole genome oligonucleotide-based array comparative 
genomic hybridization analysis identified fibroblast growth factor 1 as a 
prognostic marker for advanced-stage serous ovarian adenocarcinomas. J 
Clin Oncology: Official J Am Soc Clin Oncol. 2007;25(16):2281–7.

38. Sun Y, Fan X, Zhang Q, Shi X, Xu G, Zou C. Cancer-associated fibroblasts 
secrete FGF-1 to promote ovarian proliferation, migration, and inva-
sion through the activation of FGF-1/FGFR4 signaling. Tumour Biol. 
2017;39(7):1010428317712592. https://doi.org/10.1177/1010428317712592.

39. Suh J, Kim DH, Lee YH, Jang JH, Surh YJ. Fibroblast growth factor-2, derived 
from cancer-associated fibroblasts, stimulates growth and progres-
sion of human breast cancer cells via FGFR1 signaling. Mol Carcinog. 
2020;59(9):1028–40.

40. Obermair A, Speiser P, Reisenberger K, Ullrich R, Czerwenka K, Kaider A, 
Zeillinger R, Miksche M. Influence of intratumoral basic fibroblast growth 
factor concentration on survival in ovarian cancer patients. Cancer Lett. 
1998;130(1–2):69–76.

41. Zhang C, Yang T, Jiang H. (2020). miR-511 inhibits proliferation and metastasis 
of breast cancer cells by targeting FGF4. J Gene Med, 22(9), e3168.

42. Yasuda K, Torigoe T, Mariya T, Asano T, Kuroda T, Matsuzaki J, Ikeda K, Yam-
auchi M, Emori M, Asanuma H, et al. Fibroblasts induce expression of FGF4 
in ovarian cancer stem-like cells/cancer-initiating cells and upregulate their 
tumor initiation capacity. Lab Invest. 2014;94(12):1355–69.

43. Qi L, Song W, Li L, Cao L, Yu Y, Song C, Wang Y, Zhang F, Li Y, Zhang B, et al. 
FGF4 induces epithelial-mesenchymal transition by inducing store-operated 
calcium entry in lung adenocarcinoma. Oncotarget. 2016;7(45):74015–30.

44. Allerstorfer S, Sonvilla G, Fischer H, Spiegl-Kreinecker S, Gauglhofer C, Setinek 
U, Czech T, Marosi C, Buchroithner J, Pichler J, et al. FGF5 as an oncogenic 
factor in human glioblastoma multiforme: autocrine and paracrine activities. 
Oncogene. 2008;27(30):4180–90.

45. Han D, Wang M, Yu Z, Yin L, Liu C, Wang J, Liu Y, Jiang S, Ren Z, Yin J. FGF5 
promotes osteosarcoma cells proliferation via activating MAPK signaling 
pathway. Cancer Manage Res. 2019;11:6457–66.

46. Penault-Llorca F, Bertucci F, Adélaïde J, Parc P, Coulier F, Jacquemier J, 
Birnbaum D, deLapeyrière O. Expression of FGF and FGF receptor genes in 
human breast cancer. Int J Cancer. 1995;61(2):170–6.

47. Ropiquet F, Giri D, Kwabi-Addo B, Mansukhani A, Ittmann M. Increased 
expression of fibroblast growth factor 6 in human prostatic intraepithelial 
neoplasia and prostate cancer. Cancer Res. 2000;60(15):4245–50.

48. Harpain F, Ahmed MA, Hudec X, Timelthaler G, Jomrich G, Müllauer L, 
Selzer E, Dörr W, Bergmann M, Holzmann K, et al. FGF8 induces therapy 
resistance in neoadjuvantly radiated rectal cancer. J Cancer Res Clin Oncol. 
2019;145(1):77–86.

49. Dammann K, Khare V, Lang M, Claudel T, Harpain F, Granofszky N, Evstatiev R, 
Williams JM, Pritchard DM, Watson A, et al. PAK1 modulates a PPARγ/NF-κB 
cascade in intestinal inflammation. Biochim Biophys Acta. 2015;1853(10 Pt 
A):2349–60.

50. Huang CW, Lu SY, Huang TC, Huang BM, Sun HS, Yang SH, Chuang JI, Hsueh 
YY, Wu YT, Wu CC. FGF9 induces functional differentiation to Schwann cells 
from human adipose derived stem cells. Theranostics. 2020;10(6):2817–31.

51. Bhattacharya R, Chaudhuri R, S., Roy SS. FGF9-induced ovarian cancer cell 
invasion involves VEGF-A/VEGFR2 augmentation by virtue of ETS1 upregula-
tion and metabolic reprogramming. J Cell Biochem. 2018;119(10):8174–89.

52. Rejali L, Seyedna SY, Aghdaei A, Mojarad HN, E., Hashemi M. Expression and 
clinical significance of Novel Long Noncoding RNA fibroblast growth factor 
10AS and FGF10 in Colorectal Cancer. Cell J. 2021;23(6):665–73.

53. Abolhassani A, Riazi GH, Azizi E, Amanpour S, Muhammadnejad S, Haddadi 
M, Zekri A, Shirkoohi R. FGF10: type III epithelial mesenchymal transition and 
Invasion in breast Cancer cell lines. J Cancer. 2014;5(7):537–47.

54. Granerus M, Engström W. Dual effects of four members of the fibroblast 
growth factor member family on multiplication and motility in human 
teratocarcinoma cells in vitro. Anticancer Res. 2000;20(5B):3527–31.

55. Polnaszek N, Kwabi-Addo B, Wang J, Ittmann M. FGF17 is an autocrine pros-
tatic epithelial growth factor and is upregulated in benign prostatic hyperpla-
sia. Prostate. 2004;60(1):18–24.

56. Heer R, Douglas D, Mathers ME, Robson CN, Leung HY. Fibroblast 
growth factor 17 is over-expressed in human prostate cancer. J Pathol. 
2004;204(5):578–86.

57. Calvo R, West J, Franklin W, Erickson P, Bemis L, Li E, Helfrich B, Bunn P, Roche J, 
Brambilla E, et al. Altered HOX and WNT7A expression in human lung cancer. 
Proc Natl Acad Sci USA. 2000;97(23):12776–81.

58. Liu Z, Lavine KJ, Hung IH, Ornitz DM. FGF18 is required for early chondrocyte 
proliferation, hypertrophy and vascular invasion of the growth plate. Dev Biol. 
2007;302(1):80–91.

59. Franco-Montoya ML, Boucherat O, Thibault C, Chailley-Heu B, Incitti R, 
Delacourt C, Bourbon JR. Profiling target genes of FGF18 in the postnatal 
mouse lung: possible relevance for alveolar development. Physiol Genom. 
2011;43(21):1226–40.

60. Wei W, Mok SC, Oliva E, Kim SH, Mohapatra G, Birrer MJ. FGF18 as a 
prognostic and therapeutic biomarker in ovarian cancer. J Clin Investig. 
2013;123(10):4435–48.

61. Jones SA. (2012). Physiology of FGF15/19. Advances in experimental medi-
cine and biology, 728, 171–182.

62. Potthoff MJ, Kliewer SA, Mangelsdorf DJ. Endocrine fibroblast growth factors 
15/19 and 21: from feast to famine. Genes Dev. 2012;26(4):312–24.

63. Doll KM, Kalinowski AK, Snavely AC, Irwin DE, Bensen JT, Bae-Jump VL, Kim 
KH, Van Le L, Clarke-Pearson DL, Gehrig PA. Obesity is associated with worse 
quality of life in women with gynecologic malignancies: an opportunity to 
improve patient-centered outcomes. Cancer. 2015;121(3):395–402.

64. Shah MM, Erickson BK, Matin T, McGwin G, Jr, Martin JY, Daily LB, Pasko D, 
Haygood CW, Fauci JM, Leath CA 3rd. Diabetes mellitus and ovarian cancer: 
more complex than just increasing risk. Gynecol Oncol. 2014;135(2):273–7.

65. Lu X, Lu J, Liao B, Li X, Qian X, Li K. Driver pattern identification over the 
gene co-expression of drug response in ovarian cancer by integrating high 
throughput genomics data. Sci Rep. 2017;7(1):16188.

66. Jarosz M, Robbez-Masson L, Chioni AM, Cross B, Rosewell I, Grose R. (2012). 
Fibroblast growth factor 22 is not essential for skin development and repair 
but plays a role in tumorigenesis. PLoS ONE, 7(6), e39436.

67. Muhammad A, Forcados GE, Katsayal BS, Bako RS, Aminu S, Sadiq IZ, Abuba-
kar MB, Yusuf AP, Malami I, Faruk M, et al. Potential epigenetic modifications 
implicated in triple- to quadruple-negative breast cancer transition: a review. 
Epigenomics. 2022;14(11):711–26.

68. Keita M, Wang ZQ, Pelletier JF, Bachvarova M, Plante M, Gregoire J, Renaud 
MC, Mes-Masson AM, Paquet ÉR, Bachvarov D. Global methylation profiling 
in serous ovarian cancer is indicative for distinct aberrant DNA methylation 
signatures associated with tumor aggressiveness and disease progression. 
Gynecol Oncol. 2013;128(2):356–63.

69. Li L, Zheng H, Huang Y, Huang C, Zhang S, Tian J, Li P, Sood AK, Zhang 
W, Chen K. DNA methylation signatures and coagulation factors in the 
peripheral blood leucocytes of epithelial ovarian cancer. Carcinogenesis. 
2017;38(8):797–805.

Publisher’s note
Springer Nature remains neutral with regard to jurisdictional claims in 
published maps and institutional affiliations.

https://doi.org/10.1177/1010428317712592

	Comprehensive in silico analysis of prognostic and immune infiltrates for FGFs in human ovarian cancer
	Abstract
	Introduction
	Materials and methods
	Transcriptomic analysis
	Proteomics analysis
	DNA methylation analysis
	Survival analysis
	Gene-gene interaction analysis
	Protein-protein interaction analysis
	Genetic variation analysis
	Enrichment Analysis
	Immune infiltrates analysis
	Pathway activity analysis
	Statistical analysis

	Results
	Relationship between FGFs transcript levels and clinicopathological parameters in OC patients
	Relationship analysis between DNA methylation and expression of FGFs
	The prognostic value of FGFs in OC patients
	Genetic Alteration, co-expression, neighbor gene network, and interaction analyses of FGFs in OC patients
	Correlation analysis between FGF gene and FRGs
	The relationship between FGFs expression levels and Immune infiltration levels in OC



